Codeless AI
Predictive Analytics
Squark Seer Leaderboard Explained
• Logloss (or Logarithmic Loss) measures classification performance,
specifically, uncertainty. This metric evaluates how closely a model’s
predicted values are to the actual target value. For example, does a
model tend to assign a high predicted value like .90 for the positive
class, or does it show a poor ability to identify the positive class and
assign a lower predicted value like .40? Logloss ranges between 0
and 1, with 0 meaning that the model correctly assigns a probability

powerful codeless AI algorithms. While Squark Seer may have built
thousands of models while you waited for results, the Leaderboard only
contains the most accurate model for each algorithm we used. For example, if a Deep Learner displays in the leaderboard, then it is the most
accurate

erroneous.
if a model algorithm is absent it is because it was not used.
Squark cross-validates more than 15 algorithms that are applied to your
dynamic grids and multiple instances of algorithms including: XGBoost
Gradient Boosting Machines, other Gradient Boosting Machines, general
linear models (GLMs), multiple “Tree” methods such as Distributed Random Forests, Extreme Trees, & Isolation Trees, multiple Deep Neural
Networks, and multiple types of Ensemble Models.

•
errors. The smaller the MAE the better the model’s performance.
The MAE units are the same units as your data’s dependent variable/
understanding whether the size of the error is meaningful or not.
MAE is not sensitive to outliers. If your data has a lot of outliers,
sensitive to outliers.

• MSE is the Mean Square Error and is a model quality metric. Closer
metric. Squark uses the metric “Area Under the Curve” (AUC) for binary
squares of the errors or deviations. MSE takes the distances from
the points to the regression line (these distances are the “errors”)
Squark provides a number of other metrics, which may be helpful for
advanced users and data scientists including:

• Area Under the Curve or AUC (in Binary Classification Only) is used to
evaluate how well a binary classification model is able to distinguish
perfect classifier, while an AUC of .5 indicates a poor classifier, whose
performance is no better than random guessing.

• Mean Per Class Error (in Multi-class Classification only) is the average

incorporates both the variance and the bias of the predictor. MSE
gives more weight to larger differences in errors than MAE.

• RMSE is the Root Mean Square Error. The RMSE will always be larger
or equal to the MAE. The RMSE metric evaluates how well a model
can predict a continuous value. The RMSE units are the same units as
your data’s dependent variable/target (so if that’s dollars, this is in
dollars), which is useful for understanding whether the size of the
model’s performance. RSME is sensitive to outliers. If your data does
which is not as sensitive to outliers.

lower this metric, the better.

• RMSLE is the Root Mean Square Logarithmic Error. It is the ratio (the
log) between the actual values in your data and predicted values in

•
Deviance and measures the goodness of the model’s fit. In a perfect
world, this metric would be zero. Deviance is equal to MSE in Gaussian
metric to rank for regression models.

• Confusion Matrix, if calculated, is a table depicting performance of
the model used for predictions in the context of the false positives,
false negatives, true positives, and true negatives, generated via
cross-validation

problematic than overestimating. For example, is it worse to forecast

differences between the actual and predicted values (because both
of the values are large numbers).
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